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PreRisk-CoV?2

/-Protein Biomarker Panel

Pre-exposure Risk Stratification
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RESEARCH SPOTLIGHT

SARS-CoV-2 Research ( Hi2mE A )

Predicting 3-month infection susceptibility from pre-exposure serum proteins

@ SARS-CoV-2 infection susceptibility varies among individuals and is influenced by host immune responses.

@ Serum proteins reflect physiological and immunological states, making them promising biomarkers for
predicting infection risk.
@ Most existing proteomic studies focus on post-infection diagnosis and disease severity rather than pre-
exposure susceptibility. loWRick
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Key Findings

@ The seven-protein panel demonstrated promising predictive performance in internal and external validation.

@® CCL7/MCP-3 emerged as a key predictive biomarker.
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